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Abstract. The rise of AIGC challenges traditional standards for legally and ethically 

identifying originality. AIGC can independently "create" content with external form 

characteristics of works, but tools like Sora reduce human involvement from being dominant 

to auxiliary. As a result, existing standards for evaluating the originality of image products 

may need to be adapted. Based on this, we propose a criterion of "objective first, subjective 

second." This means we should first examine the external form of the work from the 

perspective of the result, and then analyze whether the work embodies the author's unique 

creative style and emotion from the perspective of the process. At the same time, we should 

adhere to the method of specific case analysis and respect the independence and uniqueness 

of each video. 
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1. Introduction 

For most of modern copyright history, courts have treated “originality” as the product of identifiable 

human judgment and labor, and that premise has anchored eligibility for protection. The arrival of 

AIGC—systems that fuse large-scale data with generative models—does not merely streamline 

production; it unsettles who counts as an author and on what basis. Contemporary systems can yield 

outputs that read or look like human work without continuous human direction, thereby pressing 

against tests that presuppose a human origin [1]. Consider Sora: a text-to-video tool capable of 

producing narrative-coherent, stylistically distinctive clips. When such outputs emerge from prompts 

plus opaque model inferences, where is the threshold at which “originality” attaches, and to whom? 

Those questions now sit at the center of intellectual-property doctrine, as lawmakers and courts 

reassess how to secure creators’ interests while describing the status of AI-generated material. 

This article explores the theoretical basis of originality in copyright law, using Sora as a case study 

to analyze challenges and propose solutions for determining the originality of AIGC, in order to foster 

AIGC's healthy development and contribute to a fairer intellectual property protection framework. 



Proceedings	of	the	3rd	International	Conference	on	Global	Politics	and	Socio-Humanities
DOI:	10.54254/2753-7048/2025.22271

89

 

 

2. The theoretical basis for identifying the originality of AI-generated content 

2.1. Criteria for identifying originality in the context of traditional copyright 

In copyright law, originality is key to determining legal protection; however, its definition and 

measurement lack clarity, leading to frequent disputes. Standards of originality also differ across 

countries. 

2.1.1. The judgment standard of "origin" abroad 

Internationally, two main tendencies have long defined "originality" in academic circles: one is to 

adopt the copyright system of the Anglo-American legal tradition, represented by the United States 

and the United Kingdom, which is derived from Locke’s labor theory. This system maintains that 

works should be protected as long as the author contributes their work and wisdom. The copyright 

system does not require the work to achieve a high level of creativity. For instance, British copyright 

law follows the standard of "input skill, labor, or judgment," requiring the work’s expression to reflect 

the skill, judgment, labor, or selection of the author. In earlier times, U.S. law followed the theory of 

sweat or hard collection, which stated that works could be protected by copyright as long as the author 

expended effort in collecting and arranging relevant materials. The other approach follows the 

author's rights system, as exemplified by France and Germany [2]. Under this system, the work is 

considered an external expression of the creator’s personality, which grants the author almost natural 

control over the work. For example, Chapter II, Article L.112-1 of the French Intellectual Property 

Code protects the copyright of all intellectual works [3]. Article 2(2) of German Copyright Law 

stipulates that the term "work" refers only to the intellectual creation of an individual [4]. According 

to the copyright laws of these civil law countries, a work must reflect the intellectual creation of the 

author and include their ideas, thoughts, emotions, and personality. 

While there is a significant difference between the common law and civil law systems regarding 

the traditional criterion of originality, the two standards have moved closer over time. With the 

establishment of the "Fester" case [5] standard in 1990, the Anglo-American law system has gradually 

raised its originality requirements, from the initial standard of "independently completed creation" to 

the present "independently completed with minimal creativity." On the other hand, civil law countries 

have relaxed originality requirements to promote the dissemination and utilization of works, 

narrowing the gap between the two systems. For example, Germany has established a "small coin" 

standard, where the creation of a work only needs to meet the thickness of a small coin, greatly 

reducing the requirements for the author's personality. 

2.1.2. Domestic "originality" judgment standard 

According to Article 3 of China’s Copyright Law, works protected by the Copyright Law must be 

original, expressed in a specific form, and accessible to the public. This shows that in Chinese 

copyright law, originality is also a core element for the protection of works. However, the definition 

of originality in academia and practice has sparked diverse views and debates. 

Some advocate for adopting the "minimum creativity" requirement of the Anglo-American law 

system, arguing that as long as a work reflects a certain degree of originality and innovation, it should 

be considered original. Under the influence of this opinion, originality is often divided into two parts 

in textual interpretation: (1) independent creativity, where the work must reflect originality derived 

from the author’s intellectual activities, rather than plagiarism or copying, and (2) intellectual 

creativity, where works should reflect intellectual activities that result in unique expressions and 

artistic styles, such as selection, processing, and arrangement. This method plays an important guiding 

role in judicial practice, as reflected in the 2018 Guidelines for Trial of Copyright Infringement Cases 
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of Beijing Higher People's Court and in the case of copyright ownership and infringement disputes 

[6] between Shanghai Feifu Network Technology Co., Ltd. and Guangzhou Boji Network 

Technology Co., Ltd. On the other hand, some argue for stricter criteria to define originality, asserting 

that a work must demonstrate a high degree of uniqueness and creativity, expressing the author's 

unique personality and ideas. 

There is still no consensus in domestic academia and judicial practice regarding the definition of 

"originality." In judicial practice, courts often make discretionary decisions on the words, expressions, 

and core ideas of works based on the specific circumstances of individual cases. 

2.2. The particularity of identifying the originality of AI-generated content 

In copyright doctrine, the starting point has long been human authorship: works of literature, art, or 

science arise from the independent intellectual choices of natural persons and, because of their 

particularized expression, qualify for protection. That premise now sits under pressure. As 

contemporary systems train on vast corpora and infer patterns to generate text, images, audio, and 

video, the inquiry shifts from “what is a work” to “whose work is it, and on what basis.” The label 

“generative AI” covers architectures ranging from GANs to large, pre-trained models that produce 

outputs in response to prompts, exemplars, or other conditions. The mechanism is straightforward 

enough—models map inputs to plausible continuations learned from data—yet its legal consequences 

are not [7]. When the immediate producer is a system rather than a continuously directing human, 

tests for originality that presuppose human judgment require recalibration: we must specify where, if 

anywhere, human selection, arrangement, or constraint supplies the minimal creative spark, and how 

that spark attaches to the final output. Hence, originality assessment for AI-generated material 

presents not only novel difficulties but a distinct set of considerations about attribution, threshold, 

and evidentiary showings. 

Firstly, the content generated by AI lacks the "humanity" of the creative subject. An "author" in 

copyright law is typically a natural person, legal person, or unincorporated organization characterized 

by thought, emotion, and personality. However, what AI generates is quite different. Rather than 

being driven by a natural person with subjective consciousness and emotion, AI relies on complex 

algorithms, models, and large-scale data collections. While it is undeniable that AI does not 

completely break away from human control during the "creation" process, its role is more of an 

auxiliary tool to human thinking than that of an independent creator capable of obtaining subject 

status for creation [8]. In other words, artificial intelligence cannot "create" in the same way humans 

do [9].  

Secondly, the creation process of AI-generated content is characterized by mechanization. The 

creation process of AI is significantly different from that of human authors. Human writers typically 

base their creations on personal thoughts, feelings, life experiences, and aesthetic ideas, transforming 

these through independent thinking and creative labor into concrete works. In contrast, AI creation 

relies on preset algorithms and programs to automatically generate content via data analysis and 

pattern recognition. This process is closer to mechanized operation than to real creative activity. 

Table 1. Comparison between the creation process of artificial intelligence and the creation process 

of human authors 

Phase Artificial intelligence creation process human author's creative proc 

inspiration and 

conception 

Preliminary Concept Based on 

Algorithm and Data 

Generation 

Through life experience, 

observation and thinking form spirit 

feeling and conception 
Data Collection and 

Processing 
Collect training data 

Collect materials for screening and 

sorting 
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Author/Generate 
Generating content through a machine 

learning model 

To form a work through 

reflection,conception,and 

expression 

Touch Up and Modify 
Adjust content based on feedback and 

algorithm 

Through Reader Feedback and Personal 

Aesthetic Perfection 

Works 

3. Current situation of identifying the originality of AI-generated content 

On the issue of the originality of AI-generated content, the judicial perspectives of different countries 

vary significantly. In this section, the author will compare the current practices of China and the 

United States regarding the identification of originality in AI-generated content to reveal the handling 

methods and thought processes under different judicial systems. 

On November 27, 2023, the Beijing Internet Court heard the first case of "AI Vensheng Pattern" 

in China [10]. The plaintiff, Li, generated an image using the open-source software Stable Diffusion. 

The defendant, Liu, used the image without permission, leading to a copyright dispute between the 

two parties. Regarding the originality of the AI-generated images in this case, the Beijing Internet 

Court held that during the process of generating the images with Stable Diffusion, the arithmetic 

model was constantly guided to produce images with unique style and creativity by inputting and 

modifying specific prompt words and adjusting the image quality through parameter settings. This 

reflected the plaintiff's personalized expression and was not a "mechanical intellectual achievement," 

thus deemed original [11].  

Chinese courts, in the matter at hand, proceed from a human-centered conception of authorship: 

artificial intelligence may assist, but it does not displace the human as the locus of creative judgment. 

Consistent with that stance, the bar for originality is framed as modest—the inquiry asks whether a 

human contributed discernible intellectual choices, rather than whether the machine’s operations were 

indispensable. Supporters contend this approach both honors human creative value and coheres with 

national policy that encourages AI development as an enabling industry [12]. Dissenting views 

remain: if the salient features of an output arise from algorithmic inference that the user cannot specify 

or control ex ante, they argue, equating such outputs with human authorship risks overstating the 

human contribution. 

The United States has adopted a more guarded posture toward AI-generated material. The decision 

involving Zarya of the Dawn illustrates the point. Kristina Kashtanova scripted the narrative, selected 

Midjourney, tuned prompts and settings, and edited the compilation; the U.S. Copyright Office 

initially issued a registration but later limited it. Protection was confirmed for the text and for the 

compilation/layout of images, yet not for the individual images themselves. The Office reasoned that, 

despite meaningful choices in the workflow, Kashtanova did not exercise control over the specific 

expressive details that crystallized in each final image; those particulars flowed from the model’s 

generative process rather than continuous human determination. Consequently, the images lacked the 

requisite human authorship for copyright. 

To give applicants clearer guidance, on March 16, 2023 the Office released Copyright Registration 

Guidance: Works Containing AI-Generated Material. It directs examiners to assess the extent and 

character of human involvement—distinguishing uses where AI functions as an instrument subject to 

human selection and arrangement from cases where the system contributes core expressive content. 

In short, registrability turns on whether the human contribution supplies the creative spark in excess 

of the model’s autonomous output [13]. 

Table 1. (continued) 
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4. The challenge of identifying the originality of video products—using sora as an example 

4.1. Sora's technical principles for content generation 

Sora is described as a text-to-video system trained to render both realistic and fantastical scenes from 

natural-language prompts, with particular attention to coherent physics and scene dynamics. Reports 

attribute its core to a pre-trained diffusion-transformer (DiT) that scales well and interfaces with large 

language models to parse instructions and infer intent. Rather than hand-crafting frames, the model 

learns distributions over spatiotemporal patterns and then samples from those distributions to produce 

short clips. 

A recurring design element is the use of spacetime latent patches (SLPs). The pipeline compresses 

inputs into a compact representation and slices that volume into short-horizon spatiotemporal 

fragments; those fragments act as the model’s “tokens,” carrying motion cues and local appearance. 

The generative procedure iteratively denoises within this latent space, allowing the system to 

assemble longer sequences from patch-level regularities while keeping computation tractable [14]. 

For exposition, the system can be viewed in three stages. First, an intake step canonicalizes the 

user’s materials—prompts, stills, or reference video—into a representation the model can condition 

on. Next, a generative stage couples a Transformer for text encoding with a diffusion process that 

synthesizes visual features and then expands them into frames through iterative refinement. Finally, 

a clean-up stage adjusts color, exposure, and composition to stabilize the output for viewing. In 

practice these stages are not strictly linear; conditioning and denoising interact across several passes 

before the clip is fixed [15]. 

Consider a prompt that evokes a storm at sea: low visibility, a wooden hull pitching on heavy 

waves, and the sudden emergence of a tentacled creature. A parser can recover anchor concepts (fog, 

hull, sea monster, tentacles) and relationships (occlusion, turbulence, contact). Conditioning on those 

cues, the model sketches scene layout and motion, then resolves textures and specular details as noise 

is progressively removed. Post-processing trims artifacts and balances contrast, yielding, for example, 

an approximately five-second clip (Figure 1). 

 

Figure 1. Sea monster in rough seas (video frame) 

In short, Sora’s appeal lies less in any single trick than in the coupling of text understanding with 

spatiotemporal diffusion over latent patches. That combination lowers the effort required to obtain 

visually coherent clips from prompts and reference materials, and—subject to prompt quality and 

model limits—can broaden access to video creation beyond expert users. Claims of quality or cost 

advantages remain context-dependent; output fidelity varies with training data, guidance, and 

downstream editing. 
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4.2. Challenges for Sora in content generation 

Sora foregrounds a familiar but sharpened question for originality analysis: methods developed for 

still images do not transfer neatly to moving pictures. In image generation, the pipeline is static and 

the mapping from prompt to output is comparatively transparent; authors can usually trace how their 

instructions and subsequent edits shape the final frame, keeping human contribution plainly visible. 

By contrast, systems like Sora extend the mapping across time, motion, and (where applicable) 

multimodal alignment, and the distance between a brief prompt and the realized clip can widen in 

ways that are difficult to anticipate. 

Video introduces added axes—temporal continuity, scene dynamics, and editorial pacing—each 

of which compounds variance in the output. The same prompt can yield different trajectories of 

camera motion, character micro-gestures, and cut structure. That variability complicates attribution: 

which elements reflect human selection or arrangement, and which emerge from the model’s internal 

inference? In originality terms, these uncertainties push against tests that rely on identifying a 

personalized, attributable contribution at the point of expression [16]. 

A representative example makes the problem concrete. Given a prompt describing a fashionable 

woman walking through neon-lit Tokyo streets—down to wardrobe, gait, and reflective pavement—

Sora can render a minute-long high-definition clip that tracks the description closely at the level of 

objects and ambience. Yet salient expressive particulars—head turns, stride cadence, camera drift, 

the timing of transitions (e.g., shifts noted between Figure 3 and Figure 4, and the closing shot)—are 

not directly specified or manipulated by the user; they materialize from the generative process. The 

result is a clip whose surface corresponds to the text while many cinematic decisions lack a clear 

human point of control, making the author’s personal imprint harder to isolate. 

 

Figure 2. 1s (video frame) Figure 3. 12s (video frame) Figure 4. 23s (video frame) 

 

Figure 5. 32s (video frame) Figure 6. 40s (video frame) Figure 7. 55s (video frame) 

On this view, Sora functions as more than a conventional instrument: the human role often 

contracts to prompt design and light steering while the system fills in core expressive details of motion 

and montage [17]. Accordingly, standards calibrated for images—where a static frame eases the 

identification of human choices—require adjustment for video. Criteria will need to account for 

control over temporally extended features (movement, sequencing, and rhythm), the predictability of 

prompt-to-output mappings, and evidence that the user’s selections and constraints supply the creative 

spark that attaches to the final work. 



Proceedings	of	the	3rd	International	Conference	on	Global	Politics	and	Socio-Humanities
DOI:	10.54254/2753-7048/2025.22271

94

 

 

5. Optimization path for identifying the originality of artificial intelligence-generated video 

content 

5.1. Legislation level: improvement of the standard for identifying the originality of video 

products 

5.1.1. The judgment standard of objective first and subjective second 

Currently, due to gaps in legislation and the inconsistency of judgment standards, numerous problems 

have arisen in judicial practice regarding the originality of AI-generated content. A large number of 

conflicting judgments in the same case highlight the urgency of regulating a new standard and method 

for identifying originality. 

Considering the current state of originality identification both domestically and internationally, the 

author suggests adopting a judgment standard of "objective first and subjective second." This means, 

firstly, the external expression of the work should be examined from the perspective of the result, 

assessing whether the work visually resembles human-made works; secondly, the process should be 

evaluated to determine whether the work embodies the author’s unique creative style, thoughts, and 

emotions. The rationale is as follows: 

The "objective first and subjective second" criterion offers stronger operability. In practice, a clear 

and definite judgment standard is essential for ensuring the fair and efficient handling of cases. First, 

from the perspective of the result, attention should be paid to the work itself, focusing on the external 

expression of the work. The judge can use the "abstract separation method" to extract basic elements 

and structures, such as the theme and style of the video, and compare these with similar existing 

works. This helps quickly identify content that obviously lacks originality, such as simple video 

content copying or template generation, and prevent these from being included in the scope of 

copyright protection [18]. This process greatly improves the efficiency of the court, reduces 

subjective judgment interference, and enhances the objectivity and consistency of decisions. At the 

same time, since AI-generated video content primarily derives from deep learning of large datasets 

and existing works, it will inevitably be influenced by the original works it has learned from. 

Therefore, in the judicial adjudication process, the relevant parties can refer to the base works on 

which the AI is trained, as well as the plaintiff’s works, to assess whether the AI-generated content is 

original [19].  

Secondly, from the perspective of the process, it should be examined whether the works reflect the 

author’s unique creative style, thoughts, emotions, and individual expression. 

The "objective first and subjective second" criterion aligns with the principle of the dichotomy 

between thought and expression. In copyright law, the principle of thought-expression dichotomy 

protects the external form of a work, not the creator’s internal thoughts or emotions. For AI-generated 

products, if their external forms of expression are visually, audibly, or structurally similar to works 

created by humans, and this similarity does not result from direct reproduction of existing works, then 

the possibility of copyright protection exists. This objective criterion, focusing on the presentation of 

the work itself, is the concrete embodiment of the thought-expression dichotomy principle in the 

judgment of originality, ensuring that the decision-making process is not influenced by subjective 

factors related to the creator. Thus, it maintains the stability and consistency of copyright protection. 

In contrast, as a technological tool, AI-generated products often lack the "author" identity and 

subjective emotions traditionally attributed to creators. If we overemphasize subjective factors, such 

as creative style and thought-emotion, when determining the originality of AI products, we risk 

encountering a dilemma of unverifiable claims and diverging from the core requirement of the 

dichotomy principle—whether the work is expressed in a specific, perceivable form. Therefore, by 

first assessing the external expression and creativity of the product objectively, and then considering 



Proceedings	of	the	3rd	International	Conference	on	Global	Politics	and	Socio-Humanities
DOI:	10.54254/2753-7048/2025.22271

95

 

 

whether it embodies unique "style" or "emotion," we can preserve the objectivity and accuracy of the 

judgment process while recognizing the uniqueness of AI-generated content. [19]  

5.1.2. Moderately improving the standards for identifying the originality of video products 

In judicial practice, it is widely accepted that the determination of a work’s originality depends on its 

"existence" rather than its "degree." As long as a work possesses originality, it meets the relevant 

criteria [11]. However, this is difficult to apply when judging the originality of artificial intelligence-

generated video content, particularly in terms of its "degree" of originality. 

AI-generated video content offers significant advantages in terms of speed and output quantity 

compared to videos created by humans. However, behind this high-efficiency output lies much low-

quality content that does not meet the traditional standards of originality for video works. While 

advanced AI models like Sora can produce video content reliably through deep learning and large-

scale data training, Venson videos created by AI—if evaluated by the "minimum creativity" broad 

standard—do not fully meet the standards for copyright protection. Some videos still lack logical 

coherence, presentation integrity, and aesthetic quality, thus failing to meet the criteria for originality 

recognition. If these works were easily protected under the "minimum creativity" standard, it would 

dilute the value of copyright and fail to incentivize creativity. 

A more workable path is to recalibrate originality tests for video toward demonstrable human 

authorship. Where AI systems contribute materially to motion, sequencing, or shot design, protection 

should hinge on evidence that a human supplied and fixed the expressive choices that shape the clip 

as a whole. In practice, adjudicators could look for a record of human control—storyboards or edit 

lists that prefigure the sequence, prompt-and-constraint workflows that predict the intended pacing, 

and verifiable edits that determine timing, camera movement, or transitions. Works meeting that 

burden would qualify; outputs that merely follow high-level prompts with system-determined 

montage would not. Tightening the inquiry in this way screens out low-quality or largely automated 

footage while giving developers a clear incentive to support tools for human direction—fine-grained 

controls, audit traces, and editability—so that competitive pressure favors videos whose expressive 

features can be attributed to identifiable human judgment. 

5.2. Judicial level: adherence to case-by-case analysis 

When evaluating the originality of Venson videos, in addition to adhering to the unified originality 

judgment standard at the macro level (i.e., the "objective first and subjective later" judgment standard 

mentioned above), the author emphasizes the importance of personalized identification at the micro 

level. It is essential to follow the principle of "case-by-case analysis," acknowledging and respecting 

the independence and particularity of each Venson video. Judicial consideration should be 

comprehensive, taking into account the inherent characteristics of the video and the uniqueness of its 

production process. Even Venson videos that use the same algorithm and data set and have similar 

themes will exhibit distinct originality due to variations in algorithm parameters, data sets, post-

creative processing, and other elements. These subtle differences may be the deciding factors in 

meeting the originality standard. 

Therefore, an original judgment based on surface-level standardization and modeling overlooks 

the unique attributes of each Venson video and the individual differences in its creation process. This 

approach fails to meet the diversified identification requirements of various Venson video types under 

increasingly stable technology. As a result, individual case analysis should be employed in judicial 

judgment. While similar cases may serve as references, they should not become the deciding factor 

with an excessive weight in the analysis, to avoid the rigidity of judicial judgment caused by over-

reliance on analogous cases. 
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6. Conclusion 

With the rapid development of artificial intelligence technology, AIGC has become a key topic in the 

digital age, particularly in the field of video generation. Compared to traditional video production, 

AI-generated video processes are more efficient and cost-effective, but they also introduce 

complexity in originality identification. Advanced Venson video models, such as Sora, produce video 

content that exhibits high creativity and integrity in terms of visual effects and narrative structure. 

However, they also increase the gap between the final product and the original instructions, 

exacerbating the difficulty of determining originality. 

To address this challenge, on the legislative level, efforts should be made to fill gaps in the existing 

legislation, adopting the "objective first and subjective second" judgment standard. This means that, 

from the perspective of results, the external manifestation of the work should be examined first. Then, 

from the perspective of the process, it should be assessed whether the work embodies the author’s 

unique creative style and emotions. In practice, the "case-by-case analysis" method should be adhered 

to, respecting the uniqueness and differences of each Venson video. Each case should be analyzed 

according to its own characteristics and the specifics of its production process. 

Looking ahead, the field of originality identification for AI-generated content is still developing, 

with many problems that need urgent resolution. The discussion in this paper represents a modest 

contribution and aims to offer some assistance in the innovation of video generation identification 

within academic circles. The author hopes that future in-depth research and judicial practice will lead 

to more refined and reasonable solutions for originality identification in this field. At the same time, 

the author calls for joint efforts from all parties to promote the healthy development of AI technology 

and establish a fairer and more reasonable intellectual property protection environment. 
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